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adaptive algorithm
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Abstract

Image segmentation plays an important role in computer vision. It is
a process that partitions a digital image into several meaningful regions, by
identifying regions of an image that have common properties while
separating regions that are dissimilar . The image segmentation problem is
posed as an optimization procedure .In this thesis, an optimization
approach based on K-mean clustering algorithm is introduced for finding
optimal image segmentation, as well as to study of the statistical properties
for the all classes that have been segmented ,and the range of their
influence of the segmentation operation in this design and the best choice
for the characterized function to get the best solution in the most short time
, as well as study of the efficiency of the algorithm and how to accelerated
its work to get the best solution
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Image processing, segmentation, edge detection, k-mean-clustering
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